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• ICCV (2021)

• Motivation 
First, due to the class-imbalance, different categories are prone to have distinct transferability

Second, typical manually designed threshold methods [41, 40] generate pseudo labels according to the confidence scores, 

which is substantially hindered by the inevitable label noise
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• Contribution

• Propose to enhance the distribution alignment by resampling the training source images, whereas the 

resampling classes are designed according to the uncertainty statistics of the target domain. 

• Propose to select reliable pseudo labels by fitting the predictions to certainty and uncertainty modes using 

GMM. Pixels belonging to the certainty mode are assigned as pseudo labels.
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• dataset
• GTA5 and SYNTHIA dataset

• Cross-City dataset
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• Overview of the Proposed Model
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• Target-guided uncertainty rectifying

• To locate uncertainty-aware classes, we first calculate average category-level 
entropy 𝐼𝜒𝑡

𝑐 on the whole target domain:

• Then, we rank 𝐼𝜒𝑡
𝑐 and obtain a subset 𝑆𝑘 with top-k high-uncertain classes.
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• Soft-balance sampling for uncertainty-ware classes
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• Uncertainty-aware pseudo label assignment
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• Uncertainty-aware pseudo label assignment

• we use the Expectation-Maximization (EM) algorithm to optimize the 
distributions and weights (𝑤𝑛𝑒𝑔,𝑤𝑝𝑜𝑠) following a uniform distribution.
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• Experimental Results

• GTA5:
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• Ablation Experimental 

• GTA5:
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• Experimental Results

• SYNTHIA:
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